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s discussed last month, Joseph

Granville forecasts which way
the market is going. This month, we
try to measure how good his fore-
casts are if you follow them. Sec-
ondly, we are testing how likely it
is that his forecasts are luck.

The First Test

Let to, t1..... tn be successive
market days during the test period
and let do, d:, ..., da be the cor-
responding DJIA closing prices.
Define Ad:i=d: — di —1as the
change in successive closing prices
of the DJTA.

If Ad:>0, think of it as a “*head”’
and if Ad: <0, think of as a “tail."”
A “no change” day is counted
neither as a head nor a tail and is
dropped. Think of these heads and
tails as labelling balls in an urn.

If Granville is not able to select
“up” periods better than chance,
then the number of heads found in
his set of “buy’” days can be ex-
pected to be no greater than one
might get if he sampled randomly
from the urn. The data is listed in
the charts marked Period A and
Period B.

Period A had 480 market days.
There were 256 up days, 53.3% of
the total; and 224 down days,
46.7% of the total.
selected 402 of the 480 market
days as up. If his predictions are
better than chance, we would ex-
pect him to have a higher percent-
age of up days in his chosen set of
402 up days. In fact 56.5% of the
days he called “'up” actually were
up. This is about 13 more days
than the number expected from
chance. Is it significant?

The relevant probability distri-
bution to use here is the hypergeo-
metrie; we compute for periods A

and B by using the equations in
Table 1 respectively.

Given the numbers of up and
down days in both periods as a
whole, it seems very unlikely that
Granville's “buy” periods would
have contained so many up days by
chance. For period A, the chance is
about 1/751. For period B, it is
about 1/134.

The Second Test

Ifdiand d:+ : are the DJIA close
for two consecutive days, we ex-
amine the numbers log (di+:/dJ) for
the periods under study. We
assume that such numbers are nor-
mally distributed. If we further
assume that Granville cannot call
the market, then the “log ratios”
from his “buy” periods, and his
“zell” periods, are really just two
samples drawn from the same
population. There is no reason to
believe that Fs Fs, where Ho is
the mean log ratio from his periods
and M s is the same for his sell
periods.

We asked how unlikely it is that

by chance H& would exceed Es by
the observed account. We found for
period A that the chance was
0.0002544 or about 1 in 3931. For
subperiod B, it was .006904 or
about 1 in 145. (We used a t-test
and assumed the variances of the
log ratios were the same during the
buy and the sell periods.)

Thus, both statistical tests, over
the subperiod as well as the full
period, show that Granville's
predictions were better than
chance with significance better
than the 0.01 level.

The Results of the
Granville Strategy
Table 11 will help us estimate the
economic consequences of follow-
ing Granville’s advice in the test
period.
With this scheme, $1 grows to
$1.7364 in 697 days. This is a com-
pound annual growth rate of
33.51% (1.7364 (365/697) = 1.3351).
In addition, since we were net long
473 days out of 697 (585 long, 112
short), we would have gained =
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Period A: 12/04/78 thru 10/31/80

Market Market
Up Days Down Days
256 or 53.3% 224 or 46.7%

227 or 56.5% 175 or 43.5%

Period B: 11/08/79 thru 10/31/80

Number of
Market Days
DJiA 480
Granville's
“up™ days 402
Number of
Market Days
DJilA 248
Granville's
“up” days 203

Market
Up Days
137 or 55.2%

Market
Down Days
111 or 44.8%

120 or 59.1% 83 or 40.9%

34 GAMBLING TIMES







